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Design and Implementation of Industrial Big Data Cloud Platform

for Smart Factory
Sun Wei-jun', Xie Sheng-li', Wang Gu-yin’, Diao Jun-wu’, Ruan Hang’
(1. School of Automation, Guangdong University of Technology, Guangzhou 510006, China; 2. CNOOC (Intelligent
Manufacturing Branch) Information Technology Co. Ltd., Huizhou 516000, China)
Abstract: According to application demand of industrial big data for smart factory, the big data cloud platform
was built to achieve multi-source heterogeneous data acquisition in whole networks and whole processes, provide
multi-level analysis scheme, establish data mining model library, and support the intelligent bearing production,

network collaborative manufacturing and intelligent services. With the platform, petroleum refineries enhanced

their core competitiveness.
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Fig.1 Unified physical structure of big data cloud platform
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Fig.4 Optimization of production equipment parameters
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Fig.5 Networked collaborative manufacturing
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