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Abstract [ Purpose/Significance | With the development of big data technology, " Google knowledge graph" has caused widespread con-
cern. Since the Chinese translation for " knowledge graph" is similar to the " Mapping knowledge domain" in the Library and Information
field, so it’s easy to cause misunderstanding. [ Method/Process | Based on the knowledge management theory, the study compares and an-
alyzes " Google knowledge graph" and" Mapping knowledge domain" from the perspectives of the knowledge acquisition, knowledge or-
ganization, knowledge storage, knowledge sharing and knowledge innovation, and discusses their application prospect in related fields un-
der the big data background. [ Result/Conclusion ] Analysis results show that " Google knowledge graph" and " Mapping knowledge do-
main" have essential differences in nature but they also have a tight connection. In the era of big data, the integration and development of
them in the knowledge innovation aspect will revolutionize the field of knowledge management science paradigm.
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