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People Entity Recognition Based on Chinese Knowledge Graph

LI Wei,XIAO Yanghua, WANG Wei
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[ Abstract] Classification is an important issue in constructing knowledge graph. However, the existing categories are
edited by human beings for Chinese Baike websites,leading to increasing manpower cost and lost or error of categories.
Aiming at this problem, this paper proposes a method to recognize all entities of Baidu Baike. under people domain
automatically and add categories for these entities. Entity Set Expansion ( ESE) is used for existing raw data of like
categories, attributes and subtitles ,and Markov Logic Network( MLN) is used to jointly inference the category of entities.
Experimental result shows that,compared with Support Vector Machine( SVM) and Logistic Regression( LR) algorithm ,
the proposed method performs much better both in precision and recall aspects.
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